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Neural Machine Translation Based on Data
Enhancement Technology

Abstract : Since the rise of neural machine translation, it has continuously achieved better
translation results. But the neural network has a bottleneck, which is that it can achieve good
results only on the premise of large-scale parallel corpora, and the effect on low-resource areas is
not good. From the perspective of data enhancement technology, this paper uses the idea of
translation templates to identify and extract nouns or noun phrases in sentences, retaining the
backbone of sentences. Then, the pseudo-parallel corpus is generated by reorganizing the
extracted term set on the main skeleton of the sentence. Finally, the generated pseudo-corpus is
checked by calculating the large confusion of the sentence, and a pseudo-corpus of good quality is
generated. This method effectively alleviates the problem of insufficient generalization ability of
the model due to insufficient corpus. The experimental results show that compared with the
baseline system, the BLEU value improved by this method is 2.32.

Key words: Translation template; Neural machine translation; Data augmentation; Pseudo-corpus
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