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( Inner Mongolia Normal University, Inner Mongolia Autonomous Region Huhehaote 011500,
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Abstract: This paper presents the participation of the Mongolian Big Data Research Base of the
School of Computer Science and Technology of Inner Mongolia Normal University in the
machine translation evaluation project of CCMT2021. This paper adopts a Mongolian-Chinese
machine translation system based on Transformer neural network, on which the main system of
Mongolian-Chinese neural machine translation is implemented using a lexical element-based
approach. The contrasting systems are a control character pre-processing method that filters out
the Mongolian corpus and a data enhancement method based on the BERT (Bidirectional Encoder
Representations from Transformers) Chinese semantic similarity calculation, respectively. The
comparison experiments were conducted on the dataset provided by CCMT2019, and the
experimental results showed that the BLUE SBP values of the comparison system were improved
by 3.02% and 3.85% respectively compared with the main system.
Key words: Mongolian-Chinese neural machine translation; Transformer neural network; BERT;

semantic similarity



