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Fig.1 Process of training system

2.2 BRAIGEH

122 W 2% W25 8% (Neural Machine Translation, NMT) [1][2][3]/& &t J LA H Sk i —
FRHLAS BBV, 2T VEE 2 FE S AT 50 SR R G T DL R 7%, JEI20T
N H BT EIR AL 2B . 2017 4E Google H2H — ] B 48 284y Transformer[4], f#
FIHET BER IR, T8A RS G IR RIS AR AR 2 I 45, 125 R AR LUAE P4 228 X 25 1k

! https://github.com/pytorch/fairseq.
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Fig.2 The architecture of Transformer
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Tab.1 The results of sentence before and after processing
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! https://github.com/clab/fast_align



TR PR U B H TSR R T AT UE . 40 A token &, 4R IRIE 1]
ERAREH H SITR TR, DOE B ER A R/, s TG 3
PAEMA)F, AR YENA) T 164315 5% X DURHIESIE, B 7 RA L BRI TAbEE 75k
ZAb, Fgs T Rk, email” R bR ST E S ) BRG] BB IS R TR 259161 BLA
KREERT 100 PUERIAR AT, AR T 6881603 5&F) 1.

4. K

4.1 LRI
FEA R HIBL A 8RR b, JRAT A 484 E RGERA Y CentOS7.2, CPU y Intel(R)
Xeon(R) CPU E5-2640, WfF 251G, %~ NVIDIATeslaV100(4 Ht), &A% 16G.

4.2 BESHKE

AR EI K F FaieSeq %4t Transformer Big Model, £/M& R 4di B 1 Bt GPU %347 1145
£ batch KZ)44 4096 token, #iELIZ% 60 epoch, 4F epoch (47— VAEY FH T 2 )5 FA s
BV R AEEE N 1024, FEARSHERE )y 4096, Ffidds SRidasih 6 2, £kH
HERSMWLHEER 16 A3k ARENERH T dropout HL#, dropout %4 0.3. {#H Adam ##
JERACE R S5 B B A B8 54, B 1=0.90, B2=0.98. ¥I4H 2% N 0.001,
warmup 5 %% € A 4000, beam size=24, BPE[S[IEACIXECH 8K HHF45 H 18 F] Moses 14
LT B A multi-bleu.perl 1545 3] word 2% 51 1) bleu 18 .

4.3 RRLER
X T YRR EEIIEARSS , AHARAS 1 3 N RGHEE R, 45 R ITFIFE bR RN S Bk
HSLRESRME 2 P K ERGNEHZ MRS Ja R EENSR, 24 1

WA B 2 R AR, RS 2 WAL H s poR LS 2 258
R 2 AETT RN AR L Se g 45 3R

Tab.2 Experimental results on development valid and test set
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Tab.3 Experimental results of the Student model
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Tab.4 Experimental results of different data filtering methods in Uyghur-Chinese translation
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Tab.5 Experimental results after model fine-tuning and ensemble
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Tab.6 Experimental results of deeper and wider model

BT IR Y WA
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Tab.7 Ensemble results of dynamic and transformer model

| YT DY
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By it 27.28 32.53 22. 55 26. 48
dynamic 7 28. 49 34.91 24. 68 28.12
BRI B 29.73 35. 66 24. 84 28. 48
5. B4

FEARVIEIM RGBT, WYL R R GV REA IR R S8 WA R K/ R
16 BH PR A PP« SR A TR S5 EAT EB AR RS EL, A PRSP 3 AR Bl S A K
Ao B, BTHE. AJ7. WASERER, FATRIR A FREL . SOEHEE T, &
PRAEH PGB 5 TAERBETT R . TReR I AL, I (AT BREE R, 75 segad A5 T i)
1EN{k BPE. Dropout BPE L& Morpheme K14k % KBS BIFRO4E 5, %A LE
transformer AB7Y 1 FEAT SR 2 AS R 1) 22 15X DL B A AR TR £ BRINT Y50 28 18 AN ) 45 R A 7Y 2 1]
FIBER . 4 JE 2R SETT R A_E R 8 i A AR NE R LA . fEAR I A& R b, %
HLEH B RE RGO R BRI R BE— B IR, SHBRIREE 7B T ARBF A2 B F o 3 Lt
RGEA NI S-SR

S 3CHR:

[1] Sutskever I, Vinyals O, Le Q V. Sequence to sequence learning with neural networks[C]//Advances in neural
information processing systems. 2014: 3104-3112.

[2] Bahdanau D, Cho K H, Bengio Y. Neural machine translation by jointly learning to align and translate[C]//3rd
International Conference on Learning Representations, ICLR 2015. 2015.

[3] Gehring J, Auli M, Grangier D, et al. Convolutional sequence to sequence learning[C]//International

Conference on Machine Learning. PMLR, 2017: 1243-1252.




[4] Vaswani A, Shazeer N, Parmar N, et al. Attention is all you need[C]//Advances in neural information
processing systems. 2017: 5998-6008.

[5] Caswell I, Chelba C, Grangier D. Tagged Back-Translation[C]//Proceedings of the Fourth Conference on
Machine Translation (Molume 1: Research Papers). 2019: 53-63.

[6] Sennrich R, Haddow B, Birch A. Improving Neural Machine Translation Models with Monolingual
Data[C]//54th Annual Meeting of the Association for Computational Linguistics. Association for Computational
Linguistics (ACL), 2016: 86-96.

[7] Edunov S, Ott M, Auli M, et al. Understanding Back-Translation at Scale[C]//Proceedings of the 2018
Conference on Empirical Methods in Natural Language Processing. 2018: 489-500.

[8] Sennrich R, Haddow B, Birch A. Neural Machine Translation of Rare Words with Subword
Units[C]//Proceedings of the 54th Annual Meeting of the Association for Computational Linguistics (Volume 1:
Long Papers). 2016: 1715-1725.

[9] Hinton G, Vinyals O, Dean J. Distilling the Knowledge in a Neural Network[J]. stat, 2015, 1050: 9.

[10] Hu B, Han A, Zhang Z, et al. Tencent minority-mandarin translation system[C]//China Conference on
Machine Translation. Springer, Singapore, 2019: 93-104.

Xinjiang University Uyghur-Chinese Translation Evaluation

Technical Report
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(1. College of Information Science and Engineering, Xinjiang University, Urumgi 830046;
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Abstract: This report mainly introduces the basic situation of Xinjiang University in the
machine translation evaluation project of the 17th national machine translation conference. In this
machine translation evaluation, we participated in the machine translation evaluation project in the
field of Uyghur Chinese News with low resources and rich adhesive language. This report mainly
introduces the Uyghur Chinese neural network machine translation system, the methods used in
the system, and the performance of the system in the development set and test set.
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