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BN, HWTSC R S0 1 L5 ] S3slo L 5 0 128 0 0 OR8] AU A4 B B A T 55

AR VIR F 283K Transformert e 5 [0 26 11248 8 35 2844 o 75 D008 (8] AT L s 5 2 Al
P AU ML RS B AT 45 b, T 7 WMT 2021 F1 CCMT 2021 7 S XUE Al BAAE . 76 8
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25 =, JArEREA k.
2) deep 35-612°1fE M 7E Transformer-base &M 2844 (1) FL ik [, gmhDas (1 EE0H 5
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3) deep 25-6 large™ MY . Ji] [ EYEE N 768, BRZARASYERE N 3072, Jnhas N 25

=, N e JE, ZAEEINHIEA 16 3k, IERTEEH—1k.
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PAANVEIIAE 55 A5 FH 10 5 3 2 — 20, 78R 26T B v = ALY Transformer #2284 1 344l I,
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large #5478 (1) 3m] [ SR 4ERE Dy 876, FJZAREYELE N 3072, Zwfddi/Z 0 25 =, a6 =,
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1) ZEREEAT
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3)  xml % UFFE R
4)  FIEIE
5)  Z:BRIE utf-8 F4F. html #5%5. unicode 74 LA K AN T L4
6) DUBBARE AN A
7)  langidid €
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9) ARAEK G 0.3 38
10) #E5 5] 5 A VLR JE
11) FAFAIEIA EL R T 12 B/ T 1.5 )8
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13) fAJHRAEAEEE Bt g
14) fast-alignl8lid &
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1) langid™hE & it €
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Tab.1 The data used in this assessment

Hyms iy K PG BAE YOG S
B KR CCMT Wiki Titles ParaCrawl News crawl & Common News crawl
Corpus & v3 & v7.1 & UN News Crawl
News WikiMatrix Parallel Commentary
Commentary Corpus V1.0
v16
WIEHIE = 7.3M 3.4M 27TM 10.4M 1672M 260M
B s = 16.5M 150M 150M
4.2 SLEREER

421 FELER

R 2 K 3 3 A RPN FEAZ FE SR I R AL A B PR AR IR 75 T R 4 b A PPl 2 5L il
YEFEFR K FH 1152 sacrebleutl, ccmt2019-news Lref 7 12 2 #1831 1141 BLEU 45

ccmt2019-news 4ref FoR 42 A 4 NS E R CIHE R BLEU 4542,

baseline s&$& H 16.5M X{



TEIIZRH R deep 25-6 #5578, FTST &45H 16.5M Wik . 150M PUEDER L 150M HiFE
DB RN R R B8, OB} IE 171 B 350 FH 25 T beam search 1753, T e I B 1R A5
T top-k BFENLRAE, In-domain_FTST J2&Fi F MR EAE RS 2B AR, SR I it i gl
WIZREE 58 FTST deep 25-6 #2, finetune 2457 b—2& )24 EH CCMT 2019-2021 ()il
ARTESCIE P TERE, FE0E B ARMIZEAT MM Ab 22, 55 F T3, EDCRATSS b, SO Igk
HERHEIA T WMT 2017-2018 14, ensemble /215 4 MR AYEL plifitY .

M 2 FiFk 3 7] DL H RN HOAAR TG 1 i o A5 TR At il DA B B s e A ) SR s A
CCMT 2021 ¥ 37 [ AT AL 28 B 12 AN S U 1o AT L 28 B3 55 B R

2 2 VR IIAE T R AR b iy 45

Tab.2 The results of the English-Chinese translation evaluation on the development set

T S ccmt2019-news 1ref ccmt2019-news 4ref
baseline 43.30 65.01
FTST 47.30 71.15
In-domain_FTST 47.76 71.61
finetune 48.22 72.29
ensemble 48.28 7241
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Tab.3 The results of the Chinese- English translation evaluation on the development set

LT S WG ccmt2019-news Lref ccmt2019-news 4ref
baseline 27.16 45.06
FTST 31.85 52.25
In-domain_FTST 35.83 58.54
finetune 36.40 59.21
ensemble 36.59 59.50

4.2.2 A~ 7 BB 5 SRS S AR o R 1) R

ARV I AT 5] — B HE A A [ 505 39 5 5 s 0 B 28 I B ) e AL gEAT T 9. 3R 4 AR
5 43 AP L FIHL A B R B AR R 4R VP&t 2R . AR SR R4 355K ] deep 25-6,
TAGBT A& 45 HH 16.5M XUif Al 150M ¥ 3C HLiE FE T beam search fillidk FIATERE, F25 Db iERHE
SCIMARZEINZR R AR, ST 24 16.5M XEAT 150M 3% 3L HLiE LT top-k FEHL AL H]
G OE R ZR ORI, FTBT /245 16.5M XUiE. 150M PGENIERL DL 150M FiiE
PR BRI SR AR, B ek 1 T 1 05 R I o) 3441 F 5 T beam search [ iR g ,
FTST /&4t 16.5M XUif. 150M PUENIERILL K 150M SEiB DhiE Rl 2 R AL, fh1E
HEHR IE ) BH 1R A FH 25 T~ beam search FRIARAD SERE , 1M S [m) FHEAH I 36T top-k BEMLRATE B f#
T S HES
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Tab.4 The results of the English-Chinese translation evaluation on the development set under Different

Monolingual Enhancement Strategies

T S ccmt2019-news 1ref ccmt2019-news 4ref
TAGBT 45.24 68.26
ST 46.26 69.22
FTBT 46.98 70.69
FTST 47.30 71.15
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Tab.5 The results of the English-Chinese translation evaluation on the development set under Different

Monolingual Enhancement Strategies

ek ccmt2019-news Lref ccmt2019-news 4ref
TAGBT 28.26 4741
ST 28.76 47.10
FTBT 31.61 51.80
FTST 31.85 52.25

4.2.3 A~ [R5 Y BEAE O AR AR Jo7 e 1Y 52
WEAh,  ATEIE N A [F A58 LA 7 [R]— Hdf 48 T 02 o & s i dhAT T 7. K 6

IR 7 73 AT RN S 28 B BB AE TF R 45 B v &5 S . I ZREdR 2R F
In-domain_FTST &k}, deep 25-6. deep 35-6 LL A deep 25-6 large 43 737 HH X B ABE 7) ZE )
T [ — N ZREE N U SR R AR
6 FEAFMMAEN T, SR PIN/E T R4 b ss

Tab.6 The results of the English-Chinese translation evaluation on the development set under Different Model

Frameworks
sl ccmt2019-news 1ref ccmt2019-news 4ref
deep 25-6 47.76 71.61
deep 35-6 47.63 71.45
deep 25-6 large 47.69 71.46




R TEAFBRGER T, DR TT R4 L g R

Tab.7 The results of the English-Chinese translation evaluation on the development set under Different Model

Frameworks
T S ccmt2019-news 1ref ccmt2019-news 4ref
deep 25-6 35.83 58.54
deep 35-6 35.77 58.26
deep 25-6 large 35.98 58.63
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HWTSC’s Submissions for CCMT 2021 Shared

Translation Tasks

Zhanglin Wu, Zongyao Li, Zhengzhe Yu, Hengchao Shang, Jiaxin Guo,
Daimeng Wei, Minghan Wang, Lizhi Lei, Min Zhang, Hao Yang *, Ying

Qin
(Text Machine Translation Lab, Huawei Beijing Research Center, Beijing 100038, China)

Abstract: This paper presents the systems developed and techniques adopted by Huawei
Text Machine Translation Lab (HWTSC) for CCMT shared translation tasks:
Chinese-English and English-Chinese news translation. In this paper, we explain our model
framework, data preprocessing methods and model enhancement strategies. The
performances of our systems under different strategies are also presented at the end of the
paper, along with comparison and analysis.
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