JERE T K2 CCMT2021 FEARRE
K, T, WIARYI, 39T, Sewa, A2

(b TR, JbuiTi 100081)
{xgzhu, wifei, Izjian, pjian, bjssm, wuxing}@bit.edu.cn

WE: AN A T AR SIS+ ENLEEE K2 (CCMT 2021) 7l i 55t .
FEADFN S, FATZ N T I8 3 ML SS, 70wl S0 H & FTENL AR . T
IRF SCHRATL 25 B R AN AE DO (o] UL 2 B . L BB RRAE S5 O R R 0 BEURARBR. BTt
BLR R, AR RGUR TR SRS R RS AR TR RO . SRR,
XTI R G, AR GER A 7 12:0] DU ST AL I B R OR
KA. MANLGRIE: TTEMGE S Transformer Bi8Y; TlilllZk

FEKE: TP302.1 XERARRES: A
1 5|5

AN T AL SN 1L m e E LSS (CWMT 2021) & TFIMESS
GOl JATIZSH T CCMT 2021 KL #H B PFINAR 35 Hh 10 =N 5% B R v 5 (X B 126 T3t
Ho ol 520 H O RIE LA SECDLEURT STHRA Lo B M 4E DO 3] QUL a5 81 1

FAR T HABH LSS BIVEAT 55, AU E NS R R St 0 = DB RO 5 L4
PR S5 f i 3 (RF AL A RIS B = MRIIRAE S5 SR A RGE AT AU S H #4030 75,
o T AR BT IRTE S RINLES B AL ST, HEIN 1 AR 2R 2% L A A TR P I R P

ASUCPFIIR AT B0 2R GE AN 53 5 B R R Bl il ) RBUEAT Ve i, i DA T ) S B At AE T
KA R 78 R . FA12% Sennrich 25 A TAEM, i VRIIEE BE I D0E #A5
EORLIE I 5 17 B P2 R Dy Bt T e WL SRR I SRt . AEBLIERAE b, IRAVES T
Caswell 5 NFRIWETERCRM, FAT Y VAT IERBEAT TR AT, XT3 e~ AT 1E R Y
ks (DRRKES) A7, IATERRIE I RAIR R I bsid “<BT>". AN
SIFEIREFR SN T A 255 (BN T 2R FH FHE5 GIOK T YL BRI e 22D,
AR R B — 45 E B 2R ) 7 S R RERE 75 DA IX ) 2 (5 S A 45 5, $0T
BRI ZRRCR o el ite, BEXTAETE-DOERIRE, AT RS 1E 5 A R B SRR LA S
) B PR AL RO SR BEAT PRI GR, 2 — BTt TR R .

FESERH, AR A Transformert3! it 22 [ 22 41 25 B 12 S A A1 D 5 2 i 1A Y
B L SCIR BRI TR, FRATRAA AL A il (0 B SCREAT 1k — 2D A AL B FRATTIE R AR A il
FIE S R 5SS RIATHI L, WS R S RS B e, RIfPfE 2 D E

HEWH: ZI/EZEFRESH AR (2017YFB1002103) FEZ AR E-HE 4 (61732005) 8.
* J@E{E1E#: pjian@bit.edu.cn


mailto:pjian@bit.edu.cn

ST ST BRI A, FATE I WA I M A28 T R 4 R ) 1 1 T 545 R
MIERARSBAEE 7, HRAFEMMPER & ST 78R GHE = B Rk
S BIEES PRSI E TR, FEX LI as Rt AT 1. LI, IR
GRS TR R SR =ML 55 BSOS I B AR T .

2 R
2.1 HuEs

BATBI = AT H B30 T 2 AINZERL, AL OUE T 5 R H AR E 5 4G
VERL. R T RUEERL, ALK A AN TR IR, T B sk, RATH
e SOR R A T HEATAREL, PRSI AT 2 R [0 B

BATE ST R S D ST I 48R S ik 1 Frs:

® 1 BVFIE R g

Table. 1 Data statistics of each evaluation corpus

GBI B U SE-UE
RS 170, 061 157,959 262,643
B UF4E 1,000 1,000 1,001
bR 1,000 1,000 2,001
FRAEAERL 5,435,155 5,435,155 5,435,155
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Table. 2 Experimental setup

YEIE-DUE BT -DUE FIE-DUE

Emb_dim 1024 1024 1024

FFN_dim 4096 4096 4096
TRy 6 6 6
EEY A 6 6 6
Dropout 0.3 0.3 0.3
Label_smoothing 0.1 0.1 0.1

Optimizer Adam Adam Adam
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Table 3. The BLEU score on uy-zh, beam_size=8

P wHE LTI 3 RS
1 BELR A 46.02 38.33
2 il % 47.91(+1.89)  40.97(+2.64)
3 TRV ZR+br 35 1 5 ) 0 1 52.63(+6.61)  45.13(+6.8)
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Table 4. The BLEU score on ti-zh, beam_size=8

G wH ML
1 LAY 45.29
2 +Transformer XS4 A 45.67(+0.38)
3 iy bR PR S v R 45.88(+0.21)
4 +XOEE RO 46.25(+0.96)
5 +5 b B 46.37(+1.08)
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Table 5. The BLEU score on mn-zh, beam_size=14

Wy WE -1
1 R A 41.30
2 +Transformer K Z ¥ A 42.53(+1.23)
3 +J A B 45.09(+3.79)
4 +ir bR A ) J [ B 12 45.86(+4.56)
5 +J5 b3 45.95(+4.65)
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Abstract: This paper introduces in detail the evaluation of our unit participating in the 17th
National Machine Translation Conference (CCMT 2021). We participated in three translation
tasks, namely, Mongolian-Chinese daily language machine translation, Tibetan-Chinese
government document machine translation and Uygur-Chinese news machine translation. The
main problem of the above translation tasks is that resources are scarce. In order to solve this
problem, this system adopts the method of mask language model pre-training and
back-translation to improve the translation effect. Experiments show that compared with the
baseline system, the method adopted by the system can significantly improve the translation
effect of the model.

Keywords: Neural Machine Translation; Low Resource Language; Transformer Model; Masked
Language Model
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