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! http://statmt.org/wmt21/triangular-mt-task.html
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Tab.1 Number of sentence pairs obtained under different filtering conditions

=S IUE AT ERIEd
MHENIZEO - 44,619
HHINGHED (a) + (b) + (&) 1,126,717
HHNEGES (a) + (&) 2,077,391
BEHINGHED (a) + (b 8,558,405
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2 https://github.com/clab/fast_align
3 https://github.com/kpu/kenlm
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Tab.2 Average sentence length for travel spoken and general domain datasets

HE I R4 HE R IESR WHINZED
RU 5.04 9.06 16.68
ZH 5.45 10.38 20.82
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Tab.3 Model parameter setting

Transformer
S Flores Transformer base
big
A RN GEE 512 512 1024
w2 J= 2K 5 6 6
et s =4 5 6 6
TER I3 2 8 16
FFN K/ 2048 2048 4096
attention dropout 0.2 0 0
residual dropout 0.4 0.3 0.3
relu dropout 0.2 0 0

4. 2 EREREHT
(WK EENRHET
R T N T A R ) 2 AR L, K AR ST T o 3EAT T A, ARG E® L
FH Transformer big 1584 Y11 25 22 FE AT SIS, W AR 2R/ e 9 4, T8 B A8 3 R A
KHEAT LS, {4 multi-bleu.perl*/E30UFSE I A R RS T BLEU-4UME, 45540
R4 PR.
x4 KEENRFETX BLEU AR

Tab.4 Influence of length penalty & on BLEU score

o 0.4 0.5 0.6 0.8 1.0 1.2 1.5

BLEU  26.87 26.91 27.06 27.12 27.13 26.47 22.17

HIEE 4 WA, KK N o RS A& G F 2%t BLEU fH 4 IETI20, X T4
TP R ) 11 T ARG LR , 3 K P B A8 1 TR AT A 2 S SRS 2R JE T2k 436 LE A PO R 3
g5k

(2) A

ARSCIE BRI B B UF 1 5 /M8 RUEAT BTy, g5 Rk 5 F

4 https://github.com/moses-smt/mosesdecoder/blob/master/scripts/generic/multi-bleu.perl
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Tab.5 Results of different systems with model averaging on validation set

BLEU BLEU
R4 WEITIE SHNE (w/o model- (w/ model-
averaging) averaging)
baseline train on @ Flores 9.23 9.90
system-a train on @ Flores 14.85 15.55
system-b train on @ Base 17.80 18.79
system-c train on @ Big 27.13 27.48

(3) HRAGLIH
RSO GBI NMT HEBUA mRASP PN BEATR0M, oM Ss Rk 6 P,
F 6 AN[F RGEHAT RO 1030 AR R 45

Tab.6 Results of different systems with fine-tuning on validation set

ARG SHBE BLEU
baseline Flores 9.90
system-a Flores 15.55
system-b Base 18.79
system-c 27.48

+ fine-tune on @O 19.15
Big

+ mix-fine-tune on O@ 19.19

+ fine-tune on @ 23.59

mRASP 0.32

+ fine-tune on @O 29.70
Big

+ fine-tune on @ 24.62

+ fine-tune on @ 25.55
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Tab.7 Examples of source sentences and the system generated translation

#l5 1 Bl 2

Hawewmy (FAIHD  oducy (A=)
4 (F) cuoBa (X)) onosgan (GR

A Hysen (75 5) iJ;)m-mpmouep (= ST) ma ypox CLE) .
BHVEL M AT FE A . #* ER XRFE T .
baseline 4 1% 3¢ AV . *OBEH T .
system-c “E B SC M BAE FE W . €LY QL SO ¢

mRASP+ fine-tune
on A4 K%L

AT paE HE M. R fEE T .
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Abstract: In this paper, we describe the DUTNLP participation in the 17th National Machine
Translation Conference (CCMT 2021) low-resource translation task for Russian-Chinese. We
explore the strategy of data enrichment, by selecting general domain data that is close to the in-
domain data from large-scale general Russian-Chinese parallel corpus. Firstly, multiple data
filtering methods are used to obtain different training set in general domain. Then, pre-training and
fine-tuning are carried out on Transformer models with different parameter configurations to obtain
the optimal model. Finally, the translation results are generated by model averaging in the decoding
stage. The experiment results show that our system can achieve significant improvements on
Russian-Chinese translation in the low-resource scenario compared with baseline system.
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