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Fig.1 Baseline system
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Fig.3 Contrastive learning strategy
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Tab.1 Size statistics of experimental corpus
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Evaluation of translation quality for XLM-

R with semantic relevance enhancement
YE Heng, CHEN Shinan, FENG Qin, GONG Zhengxian*

(School of Computer Science and Technology, Soochow University, Suzhou 215006, China)
Abstract: Aiming at the CCMT2021 Chinese/English Translation Quality Assessment (QE) task,

this paper explores the semantic relevance enhancement methods in the pre-training and fine-tuning
stages.Firstly, this paper builds a QE baseline system on the basis of the cross-language pre-training
model XLM-R. In the process of experiment, it is found that the original XLM-R does not have
good bilingual semantic correlation ability. Therefore, this paper firstly uses the bilingual mask pre-
training method to continue the pre-training of XLM-R, and then uses contrastive learning in the
pre-training stage to enhance the semantic representation ability of the model. In order to further
improve the performance of the model, this paper uses 1357 Chinese and English data of NIST08
to make the fake translation quality assessment data.In this paper, Pearson correlation is 0.598 on

the CCMT2021 development set EN-ZH and 0.5575 on the ZH-EN.
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