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FEB BT FEARTE T ICE AT BB E R
WER . 202248 H 9 H 12:25-12:40
Hit, KuR, ER, T8

PIOBTREL: = TR AL 2% 0 P R G (B 90 8 AN e o 1P A TR
BB LSRR MR SR, SPAT IR EER 70 10 ZE ™ . M
R ZE BB AL A B TERLEE , X T 7 AU A S 5 R ORI ZE B
A S S AL 35 B0 AT 25 A S SR S il o B A LA R
BN T B TURAL S AT R ¥ B8 1 T A7 2E 1) FH P A2 R BE I AN 1 I
2% AR IE MR IA AN PR AERE o B, R BT ST A RVRFAE
FEA B 51 BRI BERE b, D046 VIR, BLEU (HRTT 1.37 M a2
m, BARIEIIAEL R 20 J3A)%E . FH T AL AR 55 (1 2 BT A
A& WA TR )0 55 FAT TR o

[FIVR B R 38 R B IR M 2N 243 80 3

W&HTE: 20224 8 H 9 H 12:40-12:55

EH, XA

PIBAREL: /D747 ) (R B VR ML 28 B DR T I 515 518 SRR L
) . [ S8 BAR PR BT IR ER e 1B -DOB VLA B @, KRR 7T
JETERHE B SR T, HIR A VRIS BRI R H AR 2 L5 B A
Ao X PR A S BHME A AE B JE 1E-DUE LA B R SL e T R 1 20.30
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f¥) BLEU4 153 o F K26 25 AN T f7 SR AL A 20 7 R DL 45 3
AR R A5 B P AR TR T 00 0 2 AR T SR 2 o 0 T RE e ) TR
A EPRHRAY P SO L 2 S AR o SRl SRAIE W R R AR A Y
SRARBLIRAP NS B, M0 M A R 32 2R T RIVEIE 5 2 18 17E
AHAERIE SCE .

BT PR R R 7 51 B DA 2 H L 85 B0 1%

WAmE: 2022468 A 9 H 12:55-13:10

wIE, Bk, TER, KREF

WARE. FAFFS B BAruis = E SR SamE oamT
1 2 BRI AR LR EAF A H i S8 P 510 B T A 28 L 2 B PR 1
PERE . RTIAE DUBMR BRI SR AT R B = SR 20 7 21 48 e 2
S S B 2 B B PR AL SR A, L BINRR S . B
IR, ASCHR T — b3k T B J5R P 5] O R ZE L B B T
o, FAEESRRGRRA T Lk, BT S s R AR
b R AT IR AR, PR SRR A SCRLUE , 15 35
RFFINSHENE: &5 ERBSMORmIL SRR 5, OF v
A48 2P A2 T 2 (R ST R WL SRS SRR WY AR L B2 R,
ARSCPT AR A ) 77 10 BE NS A AR T DU 2 HLAR T R
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ML B ERES FERESEFA
WA 202248 A 9 H 13:10-13:25
Ro#E, £, FH, FXA

NATEE.: BN BIE = e e, ML B+ 5 e 1 T
PR QAR PR AT BRI B o A ST o ol 2 WL 45 390 98 0 33 )
PR REAT T, BN R R VSR IERS S g
LIIRIFEN, [FIES LSS FLAEHR MY B O3 R 2 A 1 D I o e o AR 1 S
[ o SRR 7T A IRATL A 13 300 58 5 1) 138 i S B ) 53 D0 R R B3 75,
T 8 S ) Kt B ] 5% 77984 S0 o BRI 36 570 58 J G 08 PR 22 A 1%
01, FORTR PR SRR D T A VR T IUTEEE AL A R T
PS5 e SRR S0 AT B TRk P A BERHL S BRI 7, IRAG N B
GRAEIFRM TR, RN SRR IR S % .
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3. poster 78 1— XS WX
BocitE: 202248 H 9 H 16:50-17:20

PEACook: Post-Editing Advancement Cookbook
Shimin Tao, Jiaxing Guo, Yanqing Zhao, Min Zhang, Daimeng Wei,
Minghan Wang, Hao Yang, Miaomiao Ma, and Ying Qin
Abstract. Automatic post-editing (APE) aims to improve machine
translations, thereby reducing human post-editing efforts. Training on
APE models has made a great progress since 2015; however, whether
APE models are really performing well on domain samples remains as an
open question, and achieving this is still a hard task. This paper provides
a mobile domain APE corpus with 50.1 TER/37.4 BLEU for the En-Zh
language pair. This corpus is much more practical than that provided in
WMT 2021 APE tasks (18.05 TER/71.07 BLEU for En-De, 22.73
TER/69.2 BLEU for En-Zh). To obtain a more comprehensive
investigation on the presented corpus, this paper provides two mainstream
models as the Cookbook baselines: (1) Autoregressive Translation APE

model (AR-APE) based on HW-TSC APE 2020, which is the SOTA

model of WMT 2020 APE tasks. (2) Non-Autoregressive Translation
APE model (NAR-APE) based on the well-known Levenshtein
Transformer. Experiments show that both the mainstream models of AR
and NAR can effectively improve the effect of APE. The corpus has been
released in the CCMT 2022 APE evaluation task and the baseline models

will be open-sourced.
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Hot-start Transfer Learning combined with Approximate
Distillation for Mongolian-Chinese Neural Machine
Translation
Pengcong Wang, Hongxu Hou, Shuo Sun, Nier Wu, Weichen Jian,
Zongheng Yang, and Yisong Wang
Abstract. When parallel training data is scarce, it will affect neural
machine translation. For low-resource neural machine translation (NMT),
transfer learning is very important, and the use of pre-training model can
also alleviate the shortage of data. However, the good performance of
common cold-start transfer learning methods is limited to the cognate
language realized by sharing its vocabulary. Moreover, when using the
pre-training model, the combination of general fine tuning methods and
NMT will lead to a serious problem of knowledge forgetting. Both
methods have some defects, so this paper optimizes the above two
problems, and applies a new training framework suitable for low
correlation language to Mongolian-Chinese neural machine translation.
Our framework includes two technologies: a) word alignment method
under hot-start, which alleviates the problem of word mismatch between
the transferred subject and object in transfer learning. b) approximate
distillation, not only retains the pre-trained knowledge, but also solves the
forgetting problem, so that the encoder of NMT has stronger language
representation ability. The results show that BLEU is increased by 3.2,
which is better than ordinary transfer learning and multilingual translation

system.
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Life Is Short, Train It Less: Neural Machine
Tibetan-Chinese Translation Based on mRASP and Dataset
Enhancement
Hao Wang, Yongbin Yu, Nyima Tashi, RinchenDongrub, Ekong
Favour, Mengwei Ai, Kalzang Gyatso, Yong Cuo, and Qun Nuo
Abstract. This paper highlights a multilingual pre-trained neural machine
translation architecture as well as a dataset augmentation approach based
on curvature selection. The multilingual pre-trained model is designed to
increase the performance of machine translation with low resources by
bringing in more common information. Instead of repeatedly training
several checkpoints from scratch, this study proposes a checkpoint
selection strategy that uses a cleaned optimizer to hijack a midway status.
Experiments with our own dataset on the Chinese-Tibetan translation
demonstrate that our architecture gets a 32.65 BLEU score, while in the
reverse direction, it obtains a 39.51 BLEU score. This strategy drastically
reduces the amount of time spent training. To demonstrate the validity of
our method, this paper shows a visualization of curvature for a real-world

training scenario.

JROCHE 1A BPE GBI A5 80 ¥ T it T

FERA R, BRA, M, XM, VR, RERE
POAE: A SRR JE SRR A 1) SC2Rs i, vk T 3 T SO R A 1
BPE J5i%, W Saillid & s i 7 BPE. i UEAR ISR 17 BPE,

%% fE 7] BPE M1 ¥ 7 g i8] BPE, 152 PUM Mk, H ok HAE

. |
33



F)Um 2 E LA E K2 (COMT 2022)

Transformer #i%Y f1 mBART #5754 Fk4T 1 5256, 45 FH 46 05 A A [+
IR &% 43t ) B F R B T B AR T ()32 AL BE T o XoFEL SZEGUE B, 38k S K 1]
BPE 595 545 R AL il S mT DA TG L2 0 26 A B0 2 R, e vl

PLiZ F 38.05 /™ BLEU.

HRZ R T RO R A BR R 5 i

®E, K, xIBT, BEAN, B
WARE: BRI FRSCOOAK IS R — WU 2 H A PRI
155 o0 B IR GBI A S IR L, AR T — A S ek
FERSCAST IR A K £, WAL TR X 22 N3 AL S5 RS 1) 1320 5K A AR
K%, HAhRiERGE S 1979 ZCANMLE S NE. R, AR T
H AR 5 TSI 55 R T A A AT R B A X 2% SEBILRCSCSCAR
R, S AL T B AR HEORBAESE . Dyt — by FE e
AT E AR SSRGS T 1% R BRI 63 A B TE G4m0
A, AR BRI R . A SRS EREAT 1RO SR
LS, SUARKIN F1 23 H0EF] 86.93%, SCA TR I7 A 1R 5l #E i
HIEH] 92.70%, SKIGR A SCEE 105 54 B TR RE -
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TR K S BOOTIR R LT3 7T
ZEEA, MWE, Al
BB : A SC LLBUE OSSR Y 3, MR T RS SCRR PR T R
FESLIEAS N python 5 5 BEUF I A BUCR Sr it 8, X v et
SCRIBUAGEOC BTG FiE - & TR S 7 AT X B A e Ui
HBCOC T T B AR I o3 AR, DU N T RO 1 e e s A
RS FRAERT T S %

ZE| ENBMERLEHFSHETI
0, KR, ER, R
NERE: (EHAH MR, J7ik. M. B e pL 8ol 4
HAEEAF 75 T HA AR RRIERCR . B, R0 70E # AR
LA B 5| B U Y 2 91 B SR & B B R VAR S 1T
AORAF A R 89 8 51 BE D0 o, PRI A 0 AR 25 18 B ey A
R AEAE 2 51 BENL A8 B0 8 Pl 7 A2 X A0 R IR AE 1 F P 3
R IR LS 51 BE RSP ASCHEFUSR Y 1 26 TN MR 51 BE 1 22 5
BTG T SRR R T RIS . HPRE. AT
LR SR AE , AN SO DA R KB S et 1 A AR I 2R B
JE, JF45 £ Page Rank ik, DI 22 30T UNQE J5ikdR il 1% 515
HLASBH R SCEHE Uik, IR B S HE R (045 R 5 IR A )1 2k
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GEUR A AR SL A S E 3k — 2B 8 Transformer 28R4k T
PECR A, SIS 28 R I ARSI B A RE W RS 2 5] R,
$& 1 AN [F) A 1~ 24013 SO 5

#F LSTM F1 CRF 5% 3 73 1] i Y

TR, EEmZE, BEAAE, BE TR, BE ZRE AR BHEAL
WAEME: A CHEETKAERMICIZ  (Long short-term memory,
LSTM) % M4 FiZ&EBEHL% (Conditional Random Field, CRF) ]
ST A . BNTERE JIHLE], SREUSE AL S B SR T AL 5
ETFERSAME TR, R —ME WY RIE, REL
P NRHIESS B 51ERME B, Y oR A B3 TR E S B DGRICE 215
MAE B MRE . ASCTETEROC S B4R 12261 0 EEAE b,y R
74384 %, T Tibetan-News H#fi 5 . LI g5 LN, ERBA NN
FER AIWUHIIEAE 559 R U775 , BBUE Tibetan-News #4558 111
R A EIRA FL A BIHRTE 2.9% 3.5%M1 3.2%. A e A
13 37 2 48 CLAE TRE b S R
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4. YRR &
WERE: 2022 4E 8 A 10 H 10:30-12:00
B gRBHBERFHERAF
WA 20224 8 A 10 H 10:50-11:05
vivo AT BFFiBE CCMT 2022 R+ RIR %

ZHE, WEE, KTE, TAZ, TEE, FEL BE
NERE: CAREANAT vivo Al HFFBEHLEEIIE A S N+ )\
Jea 4 TR WL 28 8 2 R LA BRI (CCMT 2022) 112 F8 1% 130 A 5 Tl
55 RAMEARG N . EARRIEN S, vivo 20 7 )\ PHIMES,
S5 RIS AT S0 1 (CED | JEVUHT ) AT ML 48 B0 (EC) .
S H B SR B3 (MO BB SCHR AU L2s B 128 (TC)
RO T TR LA B % 5 ARSI EIME S, H &R 2
EEMEENES, DRI R TR BrhiBr L miEe
MFESS o AR B 3 E IR AR SVE R GER I FEAR AR ZE . B b
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B A SR RELRE
WAEE: 2022458 A 10 H 11:05-11:20
Multi-Strategy Enhanced Neural Machine Translation for
Chinese Minority Languages
Zhanglin Wu, Daimeng Wei, Xiaoyu Chen, Ming Zhu, Zongyao Li,
Hengchao Shang, Jinlong Yang, Zhengzhe Yu, Zhiqiang Rao,
Shaojun Li, Lizhi Lei, Song Peng, Hao Yang and Ying Qin

Abstract. This paper presents HW-TSC’ s submissions to CCMT 2022
Chinese Minority Language Translation task. We participate in three
language directions: Mongolian — Chinese Daily Conversation
Translation, Tibetan — Chinese Government Document Translation, and
Uighur — Chinese News Translation. We train our models using the Deep
Transformer architecture, and adopt enhancement strategies such as
Regularized Dropout, Tagged Back-Translation, Alternated Training, and
Ensemble. Our enhancement experiments have proved the effectiveness
of above-mentioned strategies. We submit enhanced systems as primary
systems for the three tracks. In addition, we train contrast models using
additional bilingual data and submit results generated by these contrast

models.

HW-TSC Submission for CCMT 2022 Translation Quality
Estimation Task
Chang Su, Miaomiao Ma, Hao Yang, Shimin Tao, Jiaxing Guo,
Minghan Wang, Min Zhang, and Xiaosong Qiao
Abstract. This paper presents the method used by Huawei Translation

. |
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Services Center (HW-TSC) in the quality estimation (QE) task -
sentence-level post-editing effort estimation - in the 18th China
Conference on Machine Translation (CCMT) 2022. This method is based
on a predictor-estimator model. The predictor is an XLM-RoBERTa
model pre-trained on a large-scale parallel corpus and extracts features
from the source language text and machine-translated text. The estimator
is a fully connected layer that is used to regress the post-editing distance
scores using the extracted features. In the experiment, it is found that
pre-training the predictor with the semantic textual similarity (STS) task
in the parallel corpus and using augmented training data constructed by
different machine translation (MT) engines can improve the prediction
effect of the Human-targeted Translation Edit Rate (HTER) in both
Chinese-English and English-Chinese tasks.

Bhr. FEXFTHENR
WERE: 202248 A 10 H 11:20-11:28
WA CCMT2022 ENHLABBFEPES AR E

HE, X« FER, ERE
WERE: A LN QU5 BRRE S TR +)Un 4
IR AL 25 B P R L AR B0 VP I 0 H vh S 38 I HE A L o 7EA AL 25
BEVEII AR, 20 T 9 PURT R UL B B RN o AR IR R
RS FE NG AR IE RGUCRH R B ZE B Tidk 3 72
B 5 DA SRR TR AN RSS2 o B 4 RS R VR A A AE
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W ERTERERIL, FFEEAT X LA 47 o

Bhr: B/RIRTILRE GRYD
WAEE: 2022458 A 10 H 11:28-11:36
An improved Multi-task Approach to Pre-trained Model

Based MT Quality Estimation

Binhuan Yuan, Yueyang Li, Kehai Chen, Hao Lu, Muyun Yang and
Hailong Cao

Abstract. Machine translation (MT) quality estimation (QE) aims to
automatically predict the quality of MT outputs without any references.
State-of-the-art solutions are mostly fine-tuned with a pre-trained model
in a multi-task framework (i.e., joint training sentence-level QE and
word-level QE). In this paper, we propose an alternative multi-task
framework in which post-editing results are utilized for sentence-level
QE over an mBART-based encoder-decoder model. We show that the
post-editing sub-task is much more informative and the mBART is
superior to other pre-trained models. Experiments on WMT2021
English-German and English-Chinese QE datasets showed that the
proposed method achieves 1.2%-2.1% improvements in the strong

sentence-level QE baseline.
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Bz HEYIERFSHECRAFGRAH
WENE: 202248 A 10 H 11:36-11:44
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TR REA R « A SO TEI T R S8 BORER L LK RGBT
BEAFIREHEAT T R RI A 21

BAL: FRMRE
WEEE]: 20224E 8 A 10 H 11:44-11:52
ET 2 R R B
B, ME, ¥k, E2E58, RORX, TIEM
NEME: 3 CCMT 2022 PR EIFAES (QE) , A
R THT BN BN QE RGMEREILTHI £ sk
77 ASCLL Transquest BUH(EN QE MUSERIRGLN . H—A
g R QE RGN XLM-R FIZRAL, {# /] CCMT 2022
BOTIRMEM R ICPATIERL, FIH TLM R 5ms S XLM-R Tl
AL UIZE, B9 XLM-R [ORUEXRE . Hk, 76 QE #E
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NGRS, 2HRR TAERMANm Y Oy PE il 1 Sms A7E
XLM-R f t S N ARAE AT AL R SRS o SEAR R WY, AR B E R ¢
XL RIS A REA FIFE e TH QE AR SERI T BE /7 -

. pRBETHERT
WERE: 20224E 8 A 10 H 11:52-12:00
R THERT CCMT 2022 SENEHFRRARRE
BEKRYL, DR, EMY, KER EEH, FTRK, KR, B
NERE: AN T EREA B AR S s -+ )\ s 4
PLER R R (CCMT 2022) ZENHLASRIREPFI I EOR S . ARZ
WRGEHIRZ Transformer {EJEELAEN, il 5 dropout )%
) FEHEAT RO I, S5 a8 HSPAT IR RO AT R — R I R
TEMEEAE b, BINIENAG % PD-R SRR . TEMIDI B,
W AN [F) B I 2545 3 1AL 1) 4 0 DX 28 i T JE R AT T o ST &
RRW, ASCWNEERIE T E PR RGHUS T B M

FREETHEAT CCMT 2022 KR FEHESBRERARE
A, HAEE, HIRM, BKREL DHE, MY, KR, B
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FPCEANDOE 22215 AR IR P NME S5 o B0 P AIME 55 IOAS [0 AL
ARG T BATFREOF AL BETERL | AR B DSBS s 55
T BRI o SEERRIT, AP FATR A ) S AN 7 A7 R0
S VARG DL 81
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5. poster B/~ 2—— il 3C
ERRETE: 2022 4E 8 A 10 H 12:00-12:30

Bhr: FERAFBXEEEARATERESLRE
BOLE ERANTHEERLRE CCMT2022 (FllTHR &
%ft, EEE, CHEH, fiR, BB
PR HE: ASCHEAIA 28 T PG 58 ¥R DRSS SRR N R Ak sk
I (FBURP) S +/\Us e ENLEEEE RS (CCMT 2022)
(China Conference on Machine Translation, CCMT) ]8I ML %5 ##1%
RIS DL . AITE R 7 458K Transformer 4148 I 26 HL 2% B 1 2244
VE R FELRRH PR , 32 B FH A 3 ik 1) 05 200 T AT 1 R AT
Fo ALTRDBUAH LA 33 B0 PR T 2R 1A R R R BT 5 T 2 A v
IR ) N B RE AU, S 2T 1 — MRS 515 5 PO ZAse
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BBhr: T
LAIX CCMT 2022 B# 5 &1L ST PPk &
REE, EAE, E)N, ZEK, HE

WARE: RSN TRAOE 2022 5D EHLAEHIELS
(CCMT 2022) L& B3 VP BN 128 )57 & VP4l (Quality Estimation, QE)
55 B -SR-S SRE TR I R B . R TVESE T
A E I TR VF A 3 U B R A AESE, IR B AR AR A T
R A e 58 0ULE S A7 15 R A b 38 SCIEVE A0 # ( Grammatical Error
Correction, GEC) ¥4 Rt QE %X Cross-lingual Language
Model (XLM) . XLM-RoBERTa (XLM-R) . XLM-RoBERTa-Large
(XLM-R-LARGE) Al Multilingual BERT (mBERT) ZEHiillZkiE =
BAVEAT GRS SR, FEXTESCR)F L BESCR)F UK 22 B PR A TR
PR, VAN A8 O B R FEAEXT HTER ( Human-targeted
Translation Edit Rate) {E #EAT [ A T o 75 S22, dlid 5] N GEC
BRSNS QE B, IATAE -SRI h /N EMN QE 5%
T BOR R A BE T AE R CCMT 2022 QE Bk MR 45 R,
AT AR GAE P - P HAE R =, JE-rhIREHAE ST .
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B FEKEEERESTRERMNE
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Bfir. WEREKE
WEEH KRS CCMT2022 FIUEFIRUH AR &
WBFRE, BEM, M, SRR, BFR, £, TSR
WAERE: A LR AN G RSN ABE 50l SUE BALEROR
H AR EAE ) Un 2 E LIRS (CCMT2022) HLA BT
MITH 23BN FEARHLAER RIS, AT T 500
LA OB PR VT I I P 7E SR PRI B8 R VP . A SR BT
TR 1M 45 ¥ Transformer ZEAGYI R T — AN SRS DURIRREAL, IHAE
HAEZHOT A N GREER M T — S IMIC I, FERR R i
i A6 2R 5 DL AC AR AN IR 3R 4345 5 DUR THR B B2 ) o A A
T AR TR 1 B T R S AE T, SRl SR B T A A
FESE DR R VEAES5 EVERERIAR T, JFXS b AT T IR B 20 A BT I

L. R K
NJUNLP’s Submission for CCMT 2022 Quality Estimation Task

Yu Zhang, Xiang Geng, Shujian Huang, and Jiajun Chen
Abstract. Quality Estimation is a task aiming to estimate the quality of
translations without relying on any references. This paper describes our
submission for CCMT 2022 quality estimation sentence-level task for
English-to-Chinese (EN-ZH). We follow the DirectQE framework, whose
target is bridging the gap between pre-training on parallel data and

|
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fine-tuning on QE data. We further combine DirectQE with the
pre-trained language model XLM-RoBERTa (XLM-R) which achieves
outstanding success in many NLP tasks in order to improve performance.
With the purpose of better utilizing parallel data, several types of pseudo
data are employed in our method as well. In addition, we also ensemble

several models to promote the final results.

BAL: JTHRE
Effective Data Augmentation Methods for CCMT 2022

Jing Wang and Lina Yang
Abstract. The purpose of this paper is to introduce the specific situation
in which Guangxi University participated in the 18th China Conference
on Machine Translation (CCMT 2022) evaluation tasks. We submitted the
results of two bilingual machine translation (MT) evaluation tasks in
CCMT 2022. One is Chinese-English bilingual MT tasks from the news
field, the other is Chinese-Thai bilingual MT tasks in low resource
languages. Our system is based on Transformer model with several
effective data augmentation strategies which are adopted to improve the
quality of translation. Experiments show that data augmentation methods
have a good impact on the baseline system and aim to enhance the

robustness of the model.
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BAr: JTRIKE
HETENZARTRIFZWERS
MrEtE, B, R, #BH
WEHHE: J5T Transformer [N AEEHRBIALE = BHRIE 5 LHL
37 Ry, SRR B TE M LR MOR B o S5 R R HLas #l1E
fE5%, AR TAZAEF I FEBUIR, 2R I NI AL BOR B H 3
ZAESS b, W AF K dropout J5 3R EIA R ML AR ARRE, 81T 2R
AN TR By B ) 22 TRV AR 22 R IR AT e, AT B BB AR R AL RE 0, Il Il
SR AHERE PRI — Bk o SEIR S5 SRR, AR BRI 21k,
ZITE R VA R THR R W57 T 1 -2 53 - P LEs B ACR .
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6. FILWXHE
WERE: 202248 A 10 H 12:30-13:45

Review-based Curriculum Learning for

Neural Machine Translation
WARE]: 20224 8 H 10 H 12:30-12:45

Ziyang Hui, Chong Feng and Tianfu Zhang

Abstract. For Neural Machine Translation (NMT) tasks with limited
domain resources, curriculum learning provides a way to simulate the
human learning process from simple to difficult to adapt the general NMT
model to a specific domain. However, previous curriculum learning
methods suffer from cata-strophic forgetting and learning inefficiency. In
this paper, we introduce a re-view-based curriculum learning method,
targetedly selecting curriculum ac-cording to long time interval or
unskilled mastery. Furthermore, we add gen-eral domain data to
curriculum learning, using the mixed fine-tuning method, to improve
generalization and robustness of translation. Extensive experi-mental
results and analysis show that our method outperforms other curriculum
learning baselines across three specific domains.

Target-side Language Model for Reference-free Machine
Translation Evaluation
& 20224 8 A 10 H 12:45-13:00
Min Zhang, Xiaosong Qiao, Hao Yang, Shimin Tao, Yanqing Zhao, Yinlu
Li, Chang Su, Minghan Wang, Jiaxin Guo, Yilun Liu, and Ying Qin
Abstract. With the rapid progress of deep learning in multilingual

language processing, there has been a growing interest in reference-free
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machine translation evaluation, where source texts are directly compared
with system translations. In this paper, we design a reference-free metric
that is based only on a target-side language model for segment-level and
system-level machine translation evaluations respectively, and it is found
out that promising results could be achieved when only the target-side
language model is used in such evaluations. From the experimental
results on all the 18 language pairs of the WMTI19 news translation
shared task, it is interesting to see that the designed metrics with the
multilingual model XLM-R get very promising results (best
segment-level mean score on the from-English language pairs, and best
system-level mean scores on the from-English and none-English language
pairs) when the current SOTA metrics that we know are chosen for

comparison.

Improving the Robustness of Low-Resource Neural Machine

Translation with Adversarial Examples
WAEE]: 202248 H 10 H 13:00-13:15

Shuo Sun, Hongxu Hou, Nier Wu, Zongheng Yang, Yisong Wang,
Pengcong Wang, and Weichen Jian
Abstract. Weak robustness and noise adaptability are major issues for
Low-Resource Neural Machine Translation (NMT) models. That is, once
some tiny perturbs are added to the input sentence, the model will
produce completely different translation with high confidence.
Adversarial example is currently a major tool to improve model
robustness and how to generate an adversarial examples that can degrade

the performance of the model and ensure semantic consistency is a

|
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challenging task. In this paper, we adopt reinforcement learning to
generate adversarial example for low-resource NMT. Specifically,
utilizing the actor-critic algorithm to modify the source sentence, the
discriminator and translation model in the environment are used to
determine whether the generated adversarial examples maintain semantic
consistency and the overall deterioration of the model. Furthermore, we
also install a language model reward to measure the fluency of
adversarial examples. Experimental results on low-resource translation
tasks show that our method highly aggressive to the model while
maintaining semantic constraints greatly. Moreover, the model
performance is significantly improved after fine-tuning with adversarial

examples.

Dynamic Mask Curriculum Learning for

Non-Autoregressive Neural Machine Translation
&R 20224 8 H 10 H 13:15-13:30

Yisong Wang, Hongxu Hou, Shuo Sun, Nier Wu, Weichen Jian,
Zongheng Yang, and Pengcong Wang
Abstract. Non-autoregressive neural machine translation is gradually
becoming a research hotspot due to its advantages of fast decoding.
However, the increase of decoding speed is often accompanied by the
loss of model performance. The main reason is that the target language
information obtained at the decoder side is insufficient, and the
mandatory parallel decoding leads to a large number of mistranslation

and missing translation problems. In order to solve the problem of
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insufficient target language information, this paper proposes a dynamic
mask curriculum learning approach to provide target side language
information to the model. The target side self-attention layer is added in
the pre-training phase to capture the target side information and adjust the
amount of information input at any time by way of curriculum learning.
The finetuning and inference phases disable the module in the same way
as the normal NAT model. In this paper, we experiment on two translation
datasets of WMT16, and the BLEU improvement reaches 4.4 without

speed reduction.

Dynamic Fusion Nearest Neighbor Machine Translation via

Dempster—Shafer Theory
WARE]: 20224 8 H 10 H 13:30-13:45

Zongheng Yang, Hongxu Hou, Shuo Sun, Nier Wu, Yisong Wang,
Weichen Jian, and Pengcong Wang
Abstract. KNN-MT has been recently proposed, uses a token-level
knearest neighbor approach to retrieve similar sentences, obtaining
knowledge guidance from an external memory module, and then
combined with the prediction results of the translation model, which
greatly improves the accuracy of machine translation. However, KNN-MT
uses simple linear interpolation in the fusion of retrieval probability and
translation probability, which can not dynamically adjust the fusion ratio
according to the matching degree of the retrieved sentences. Moreover,
different fusion ratios need to be explored in different translation

scenarios, and the translation effect will be affected when the retrieved
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sentences have a low matching degree or contain noise. In this paper, we
propose an approach via Dempster—Shafer theory(DST) to dynamically
fuse different probability distributions to suit different scenarios. We
demonstrate that our approach is more significantly improved and more
robust than the traditional kKNN-MT, and we explore the application of

KNN-MT in low-resource translation scenarios for the first time.
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Bpr: FRINKEE
Optimizing Deep Transformers for Chinese-Thai
Low-Resource Translation
Wenjie Hao, Hongfei Xu, Lingling Mu, and Hongying Zan
Abstract. In this paper, we study the use of deep Transformer translation
model for the CCMT 2022 Chinese«—»Thai low-resource machine
translation task. We first explore the experiment settings (including the
number of BPE merge operations, dropout probability, embedding size,
etc.) for the low-resource scenario with the 6-layer Transformer.
Considering that increasing the number of layers also increases the
regularization on new model parameters (dropout modules are also

introduced when using more layers), we adopt the highest performance
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setting but increase the depth of the Transformer to 24 layers to obtain
improved translation quality. Our work obtains the SOTA performance in

the Chinese-to-Thai translation in the constrained evaluation.

B FILRERKSE
AL RIR RS 2022 F2ENSBIFERSHLEHEF
PRI AR &
=i, L3, m¥E, HME, SHE, WE
WAERE: AN 7 IIERBR =S I+ )\ s 4 E LS 8K
S SR CL RN S =R ST . d R 4R K
TS R S AR TR, HERARREICE, BATRH T4
XA RT3 R A 5 D) 70 BRATYI GRS BEART A5 (K B )1
PR, Hoa, BATRA 7 AR RIS

Bfr: HEBERARE BT
ISTIC’ s Thai-to-Chinese Neural Machine Translation
System for CCMT”’ 2022
Shuao Guo, Hangcheng Guo, Yanqing He, and Tian Lan
Abstract. This paper introduces technical details of Thai-to-Chinese
neural machine translation system of Institute of Scientific and Technical
Information of China (ISTIC) for the 18th China Conference on Machine
Translation (CCMT’ 2022). ISTIC participated in a low resource

evaluation task: Thai-to-Chinese MT task. The paper mainly illuminates
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its system framework based on Transformer, data preprocessing methods
and some strategies adopted in this system. In addition, the paper

evaluates the system performance under different methods.

B EREMEHRKE
IEREMBARKE: CCMT2022 PPRIUIHRE
BT, R, RIEE

NERE: AENA T EARASINE /s BEYLSEERS

(CCMT 2022) PFIMAINEBL. EARFI A, JAIS 17 HAp 3
ML ST, 0 5D SR B UL G B 6 L R S5 S 2 135
AN DT I TR G580 1 o DL B PRAE 55 1) W Ry D08l 43
SRR B IR ko AT BRI, AR GERA T AR T AR T
ROR . SCIRM], AN TRLRSG, ARGERHIM T LR E R T
R )RR ROR

AL WIBKEE
A Multi-tasking and Multi-stage Chinese Minority
Pre-Trained Language Model
Bin Li, Yixuan Weng, Bin Sun, Shutao Li

Abstract. The existing multi-language generative model is considered as

an important part of the multilingual fifield, which has received extensive

attention in recent years. However, due to the scarcity of Chinese
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Minority corpus, developing a well-designed translation system is still a
great challenge. To leverage the current corpus better, we design a
pre-training method for the low resource domain, which can help the
model better understand low resource text. The motivation is that the
Chinese Minority languages have the characteristics of similarity and the
adjacency of cultural transmission, and difffferent multilingual translation
pairs can provide the pre-trained model with suffiffifficient semantic
information. Therefore, we propose the Chinese Minority Pre-Trained
(CMPT) language model with multi-tasking and multi-stage strategies to
further leverage these low-resource corpora. Specififically, four
pre-training tasks and two-stage strategies are adopted during pre-training
for better results. Experiments show that our model outperforms the
baseline method in Chinese Minority language translation. At the same
time, we released the fifirst generative pre-trained language model for the

Chinese Minority to support the development of relevant research3.
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