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Tab.1 Bleu value table of three machine translation engines
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Tab.2 User name and label formats table
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Tab.3 Comparison table of translation before and after pretreatment
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Fig.1 Flow chart of English-Chinese sentence alignment corpus construction method for social media in military
and political fields
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Fig.2 Histogram of fluency value of translation after source language processing
B2 oh, ORI T H ARG AR R BT B, R R B B RS R
BT AEIH AT LR 5 JRSCARER 515 B RS FEAE B 0 A AR T b BT, [ SE AR
T2000 EAR o AT DAL B DO IR S AR BT G DL K S 25 P S0 G L AT 0T EE .

<200
200"500 .

B 3 R SCAE BT R ST B AR T 1

Fig.3 Fan chart of translation fluency value before source language processing
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Fig.4 Fan chart of translation fluency value after source language processing
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Fig.5 Reference translation fluency value fan chart
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Tab.4 Comparison table of BLEU value before and after pretreatment
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Construction Method of English-Chinese
Bilingual Parallel Corpus of Social Media in
Military and Political Field

Rongjing Xia, Keliang Zhang*, Liang Tang, Ming Li

(Luoyang Campus, Information Engineering University, Luoyang 471003, China)
Abstract: The research of high-quality machine translation system is inseparable from high-quality
parallel corpus. With the development of machine translation technology, the importance of parallel
corpus research is becoming more and more prominent. The construction of social media corpus in
military and political fields is of great significance for the language characteristics research and the
task of social media machine translation in military and political fields. By analyzing the translation
problems such as non-translation of user names and labels, non-translation of informal expressions
on the Internet and other translation problems in the translation of social media corpus in the military
and political field by existing machine translation engines, the characteristics of social media corpus



in the military and political field are extracted. The fluency was optimized, and the BLEU value
was increased by 1.37 percentage points. Finally, a parallel corpus of English-Chinese sentence
alignment for social media in the military and political fields with a scale of about 200,000 sentence
pairs was constructed for machine translation tasks.

Keywords: parallel corpus; military and political fields; social media; machine translation



