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A study of Re-ranking and combination for Multi-
engine Machine Translation
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(Information Engineering University(Luoyang), Luoyang 471003, China)

Abstract: Machine Translation (MT) engines trained with different model, methods,

language and data have different performance for multiple specific translation scenario. Thus, a
number of research tried to use multi-engine or multi-method combination approach for
constructing MT system with advances of each MT engine. This research provides a multi-engine
platform with six different MT engines. During the long-term using of it,  there comes a huge
amount of data of translation instances, user profile, human translates. A resource warehouse
for translation model training is constructed using these data. we offer a method of multi-engine
MT re-ranking using the resource warehouse with Page Rank Algorithm, Bayes Rule and
UNQE. Furthermore, we use the result generated by the re-ranking method with human
translations provided by the resource warehouse to train a translation combination model. The test
result shows the method we provide can use advantages of multiple MT engines and improve
translation eventually.
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Fig. 2 Multi-engine MT re-ranking architecture
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Fig. 4 Multi-engine translation re-ranking model
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Fig. 5 Multi-engine translation re-ranking training model
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