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Tab. 1 Statistics of dataset in Mongolian-Chinese
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Fig. 1 Flow chart of the method used in this paper
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Fig. 2 Comparison between vanilla beam search and beam decoding with controlled patience
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Tab. 2 Configuration of the experimental environment
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Tab. 3 Experimental results of Mongolian-Chinese online evaluation on verification set and test set
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Tab. 4 Number of <unk> in translation of validation set and test set
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Tab. 5 Examples of Mongolian-chinese translation
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Abstract: This paper mainly introduces the basic information of the participation of the Inner Mongolia Key
Laboratory of Mongolian Information Processing Technology, College of Computer Science, Inner Mongolia
University in the machine translation evaluation project of the 18th National Machine Translation
Conference(CCMT2022). In this machine translation evaluation, we participated in the online evaluation and
offline evaluation of the bilingual translation evaluation project in the integrated field of Mongolian and Chinese.
In this paper, a baseline Mongolian-Chinese translation model is trained using the Transformer architecture based
on self-attention networks, and an external memory module is constructed using the training data in a non-
parametric method to obtain guidance from external knowledge during model decoding by retrieval and matching
to enhance the model capability. In this paper, we introduce the specific methods and experimental details adopted
by the model, and show the performance improvement of the model on the Mongolian-Chinese bilingual
translation task through experiments, which are analyzed and studied in depth.

Keywords: Machine Translation; transformer; non-parametric method



