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Tab.2 The results of the English-Chinese translation task on the test set
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English-Chinese Machine Translation
Evaluation Task Technical Report

YI Nian!, AISHAN Wumaier', Lie jun Wang!
(1. College of Information Science and Engineering, Xinjiang University, Urumqi 830046)

Abstract: This article mainly introduces the basic situation of the School of Information Science
and Engineering of Xinjiang University participating in the machine translation evaluation project
of the 18th National Machine Translation Conference. In this machine translation evaluation, I
participated in the machine translation evaluation project in the English-Chinese news field. This
paper mainly describes the model framework, data preprocessing process, data enhancement, and
model fine-tuning and integration methods adopted by the English-Chinese neural machine
translation system in this competition. The paper concludes with the performance of the submitted
system on the test set.
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