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Abstract: This paper introduces the three translation tasks of Tibetan-Chinese, Mongolian-Chinese and
Uyghur-Chinese on the 2022 China Conference on Machine Translation of the Northwest Minzu University.
Because the source language input sentences contained in the Tibetan and Uyghur test sets are too long,
even the whole document, we adopt a pre-processing method to segment the longer sentences into shorter
sentences that match the length of the training corpus, and translate them. Finally, we submit the
corresponding translation results.

Keywords: Machine Translation, Tibetan, Mongolian; Uyghur

1. 515

A T AL RRK S IR+ )Un e E LSRR S (CCMT 2022) HIARSRIE BLATEIAR

* JBEMEH: harry lyc@foxmail.com



Bl AT TEGERIDOE GEDO. FERDGE (0. g5 RERIDOE (400 =R
f£55, 37T Transformer BIBIMFY | — ML EIERSE, JFEH CCMT2022 Hjetifs. 5k 15
YT RAB B R OE S RHE, BEAT TARRLATE R B, TR T OB BIDGE . 5 E BIN0E.
YEE R IE B DUEE =AML BRI R 4L

WIS =AW BI AT S, FORAZBRINR,  BI™sFH E 007 S I g el, AF A
BAMOBAERIGERAR . IbAh, ARABIMOHARESE, @ TN Ry SO A A e .

2. L

RICEFT A IIE S, KA SentencePiece JiVERHEAT /3, RAAMIAH AN 30000, H T
B YEERIE MR RN A PR, RGBT R, KRS S A RN D) A AR 32 4
BN AT S RBNRRERL, BRES TR, BIRE 5 8 TR A
48 MAEK I 7)o IXXHMRREE ) T U1 AR Iy . MRS BRI PV 23K 8 X R g I
CREEA) TP 2 5. SRR, WA FUIK BN 2 5 ZRiEkba) 7K,
R A5 LA R i A R (A R
2.1 FENEERIESE

g B O A dE 1 CCMT2022 R AR, A B s 115 75 AR B U ZRAE R . FRATHE
QHNU-test-tizh-CWMT2017 F1 QHNU-test-tizh-CWMT2018 [H%IRES IR, 1EANRE, B4
2778 ANA)T-. [EIFAE 2019TC_CCMT A1 QHNU-dev-tizh-CWMT2017 ¥t 84 3 K AF T R4,
5 1646 NMA)T.
2.2 FENHEHIEL

SRS SE R CCMT2022 #24E, A5 126 FAIXUIZRIER . FRATHE 2019MC _test.
IMU-test-mnzh-CWMT2017 Fil IMU-test-mnzh-CWMT2018 ¥4 & 3k, 15 Nk 4, 05 3001
M) Fo [FIRFAE 2020MC_CCMT M1 IMU-dev-mnzh-CWMT2017 $i4E & 3tk N IT R4, B8
2000 M)
2.3 EDBEREL

AEDCR R SR CCMT2022 #84E, a8 17 A mlgriEkr. AT DEV2019 Fl
XJIPC-test-uyzh-CWMT2018 F) £ 45 & & JF A2 ok, fE R4, B8 1999 a1 . [FEE
2020UC_CCMT M##E5E & IR NI RE, B8 1000 16T

3. MEPSMIFHEE



3.1 BiEHE

A 3R H Transformer BEAYAE g 3 2L E A . Transformer 184U 2 (1 RS 258 - AR AL 45 2514
G s MRS 25 BN Z BN 6 )=, BARJZH0nT LR 24 B AE 55 1 s .

Gihhds: Zidasin s MAMRKMEEE, Xhi—RaS TR, 258 BERZEM
EERMATBP RN R . N TR R, AT R B A I R R E AR A — A AR
RN RGNS Z A EER, FEERESARER AN EROERIGEE, @5 KA
IESZ R B AT 2 2] B B 2w i 77 ANSE D IS & AL E (5 B B s as i 58— 2 oh, SRS IR
L SR, Ha— RIS NIERE F &R

i ds: WL E S NAMHEMEEE, RhE—ReE T =ATE, 2a8EERNE.
VRIE F R R IR M AIER AT 2 4 R 55 o A5 i R REAE RS 2 N AR 22 AN R H — 1L,
H AR & ) F R B SR . St Z AL, W asum i ae— 2 b3 n 1 8ok rE
BAERRSFBEESE R, WA XIER ) (Cross-Attention) . RS % (1 555 — J= 4 HHAE i
e B 2ORAS, A Softmax J2 5, A2 H e il 5 Wl iE o A

Transformer #AH 2017 SR )G, £ MHLEEIFAES LRUS T RIFIBIFEICR, Fr
FEFUAD B ARTE 5 AL BAE S5 EAIRAS T iR TERE . Y BN AT A E ARTE S AL B, 193]
RN AT FFERFH Transformer BB Jy 32 22 (1 B BEAS Y

3.2 KWW E

ARG FHFFIRR) Transformer #8528 Fairseq®), HAARARBAIRE . fEREL)IZH,
i Adam TRALTF B ZRAp LSS BI PRI, WI4652 21205 0.0005, &Ky 4096, SRR
N 4o R ZIERCENG, TRGPIRYIN 4000, ARZEFHE BEAE KRR 508 0.1 % T By sL4,
SR P AL AR 1 5 ARG T S

4. SEINAER

R AARRFN FE 2SI 458, KA BLEU PRIIE SO & . 1R A SO AR DOE P S b #E
WA, TR AR EF 4 BT 5 BLEU H.

R 1 EELEREIR

SR SR eI
R 45.13 4743 24.63

MR 1 HSEIR S Rl A Y, ASCONEAE T I EEUS 7R RSeaRai R tbsh, A&
SCIAIRER ] — S8 H A U595, et BPE AlE )70 J5ER],  BURIRZ M2 AL o Bl 1R S5 At U5 3%



BRIV REW W S B i . DRI, AR SR S5 R, DL TR IR I,

YK Transformer KAERIEH .
5 4%

ASCRIEAAE T PRSI CCMT2022 I . 5800 4N =N S . T4l
XM G A T E A AR A, R TES AR 57k, ok, JRERT —i&
ANFEIP RS SRR, KRR S, 338 7 AR A3 S

SR
[1] Vaswani A., Zhao Y., Fossum V., and Chiang D. Decoding with Large Scale Neural Language Models

Improves Translation[A]. In Proceedings of the 2013 Conference on Empirical Methods in Natural
Language Processing[C]. Seattle, USA: Association for Computational Linguistics, 2013:1387-1392.

[2] Kudo K., Richardson J. SentencePiece: A simple and language independent subword tokenizer and
detokenizer for Neural Text Processing. In Proceedings of the 2018 Conference on Empirical Methods in
Natural Language Processing (System Demonstrations), 2018: pages 66—71.

[3] Ott M., Edunov S., Grangier D., Auli M. Scaling Neural Machine Translation[A]. In Proceedings of the
Third Conference on Machine Translation[C]. Brussels, Belgium: Association for Computational
Linguistics, 2018:1-9.

[4] Kingma, D.P., Ba, J. Adam: A Method for Stochastic Optimization[A]. In Proceedings of ICLR[C],
2015.

[5] Sennrich R., Haddow B., and Birch A. Neural Machine Translation of Rare Words with Subword
Units[A]. In Proceedings of the 54th Annual Meeting of the Association for Computational Linguistics[C].

Berlin, Germany: Association for Computational Linguistics, 2016:1715-1725.



	3.1 翻译模型
	3.2 实验设置

