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Abstract: This article details the participation of the Yunnan Provincial Artificial Intelligence Key
Laboratory of Kunming University of Science and Technology in the 2022 National Machine
Translation (CCMT2022) evaluation task. In this evaluation, we participated in two evaluation
tasks of Thai-Chinese restricted domain and unrestricted domain. Our system adopts the
Transformer model based on deep neural network and the data enhancement method based on
back translation. Model learning and training are carried out in two ways: restricted and
unrestricted. The restricted method means that the training data is completely from the evaluation
party. The training data provided, in an unrestricted manner, is based on the training data provided
by the evaluator, adding bilingual parallel corpora and bilingual dictionaries collected by the
laboratory.
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