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Abstract [Objective] Addressing challenges such as the ambiguity of sentence boundaries in unpunctuated
ancient texts, the semantic gap between ancient and modern languages, the uneven distribution of noise in
parallel corpora, and the lack of self-verification mechanisms in single-stage generative models, this study
aims to construct a high-fidelity translation framework for Classical-to-Modern Chinese. [Methods] This
study proposes the ACMT model, which integrates punctuation preprocessing with a multi-agent
collaborative mechanism. An independent, specialized sentence segmentation model is utilized to convert
unpunctuated Classical Chinese into structured text, thereby mitigating the complexity of long-distance
dependencies in downstream tasks. Furthermore, a collaborative loop comprising three agents “Initial
Translator,” “Deep Thinker,” and ‘“Reference Reflector” is established to execute an iterative optimization
process of “translation, refinement, verification.” [Results] On a manually curated, high-quality evaluation
dataset for Classical-to-Modern Chinese translation, the ACMT model significantly outperforms baseline
models across both automatic metrics (ROUGE, BLEU) and human evaluation metrics (faithfulness,
readability, and knowledge correctness). Ablation studies further confirm the effectiveness of each
proposed module. [Conclusion] The pre-punctuation strategy significantly enhances consistency between
the generated translations and reference texts at the lexical, phrasal, and sequential structural levels.
Additionally, the multi-agent collaborative iterative translation and verification mechanism effectively
ensures the stable improvement of various automated evaluation metrics.

Keywords: Ancient Chinese-to-Modern Chinese translation; punctuation restoration; large language model;
multi-agent collaboration
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Fig.1 Overall framework of ACMT model
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Tab.1 Multi-agent roles and responsibilities
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Tab.2 Overview of Datasets
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Tab.3 Details of the Statistics of Datasets
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Tab.4 The results of the ACMT model
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Tab.5 Human evaluation results
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Tab.6 The results of the ablation study
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