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Abstract: Technical disclosures contain original inventive concepts but are difficult to obtain at
scale due to confidentiality, resulting in a shortage of high-quality disclosure—specification pairs for
automated patent drafting. This paper proposes a structure-distribution-guided method for reverse-
generating pseudo-disclosures. First, structural mapping patterns across sections and positions are
analyzed using real document pairs and compared with existing alternative data. Then, pseudo-
disclosures are generated from public patent specifications through probabilistic sampling and large
language model-based semantic rewriting. Experiments show that the method effectively
reproduces structural distribution patterns of real document pairs, achieving an average semantic F1
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studies further demonstrate that fine-grained structural priors improve the alignment of similarity
distributions. Based on the validated method, a dataset of 200 pseudo-disclosure—specification pairs
is constructed, providing a scalable data generation approach for automated patent drafting research.
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AL 2 4% BAER X AbFE 5 5
& 5R KT AEREXAEEE KEEP ({#E)
H 5RERPHELE—E XA, HERERKK DISTILL 3k
i 52 R SR E A B DELETE (%)

BRI S % T30 8 4 P M AE B S H U — A X TR], 43 Jlid 3.2 5 e ih 45 2
t L R AR, ) TR B R A2 N h = P(High | Region) . m = P(Mid | Region) 1l =
P(Low | Region), iii/&:

h+m+1=1 @)

2 X 1) P A Tos 0O A B — AN IR ST A BB S ~ U[0,1], FFRR A SL T 7E
W% X (AL B R ARy 1) 240 < n < hiF, F71C A KEEP; 2) 4h <n < h+mif, %
109 DISTILL: 3) *jh+m <n < 1K, #7idy DELETE. it I RFFSHE, SR AL
B DX I P = S 1 3 2 P 451 5 3 ST SO w ot I () AR AL FEE A AR R — 350, AT PE A 4 &
JETHREL LS “RIRF—UE A (S5 H 7 A RE

R RAEAT B A B E AR B AT LA b2 : DKEEP: 5t F 4510 4 KEEP [16) T34 Skeep
PREFIE G SCAAAS; 2) DELETE: XfF#5icH DELETE A TS Sqeerer BIEMIER, A
BENJGEA SIS 3) DISTILL: Xf FAricAy DISTILL M) FHEESqisen, A KT S K
BUHEATIE SRR, TEAR B RS BRI P RR AT E S, 83805 50 TR A S st -
2 W Skeep 38 i T2 B HAE S AH UL 5 s I AHXT IR T SR H A, TE R TE 2D 38R 5D
42 REPHERERN TR
421 GRS —BUEFH

BT ORI Gt /0T, ARG T B R —UH A SORIXEA IR R AL & X



WA B ARARAURE ) 2040 o AT A BB X 3R S5 A 0 A1 O R BRESE , A SIS A AR B 1
IIATRFIER R N A AT L. R 3,13 e A — AL B, K S AR o A B
(0-30%) « FE (30-70%) FFE (70-100%) =ANX (8], FHo 58814 IX 18] P A
FESARARUEL ) T VR BB, M =R S5 RHE A 2V € R3:

V = [Prronts Pmids Prear] (8

Horp, pFRIRiZ X 8] YRR E S0 A7 1 A B .
PR LR, it RSk “RIRA—u " 50 “SRB—U W 4S5 HRHE
) B Ve MVpseudor FEAERFRIEAR _EHCT-IE, 45 3 HSLEE 73 A1 18] B Vo gy 5 A2 LA K 7341 1)
EVpseudoo ASCKHFZ4NTRZE (MAE) AT iR ZE (RMSE) & —#F K0 A% .
MAE H T & 540 B X 8] 5 A MER -y dant 2= 5% . Wk € {F,M,R} (il x
Front, Mid, Rear) , X[AJRHK =3, HitHEARWT:

1 _
MAE = E Z |Vpseudo,k - Vreal,kl C)]
ke{F,M,R}

RMSE i#t—302% BECK M 2Z i, KAt E AT

1 —_ — 2
RMSE = |- Z (Vpseudoje = Vreark) a0
ke{F,M,R}

PRI E AT AL 38 BH AR OB 5 B SO 70 06F AR B S A 8 X)L R A AL 23 A ez
422 AHFEL—BHEFM

RV PSS I 50T JE IR H AR N A R OR B FEE, A SCR i 1 BE T 6] 408 UM S5 F1
MFakr. %7755 % BERTScoreO XU [a] UL HC AR, HEH5 & R SCAR Hra) - 2 [a] JE A% X6t
FHIHRE R, K Token 2 UCHC A4 A H)F 08 LULHC, LA AN R SCRS 2 (8] 4 AR P9 258500 A2
FE. ARICKH text2vec-base-chinesel?' 11X —JEF BERTRA A AL X & ) SOk 25 b B i) -3
IT9mh5, 19205 B e ) AR FEM, MM o B 5 TSR THE B 2 8] B SR a2 AR AR B
S = MME, FEo WA TT RS A) T OE SCHBURE B s UL L &), 8 b vk A3 [l 2

RGP . il L — B3 7> ScoresE SN — & A ME, BI F1 704%:

2PR

1 1
R= ] Z maxpegcos(a,b), P = WZ maxgeqcos(a,b), Score = PTR an
] beB

k35 BURAN A SOAR 2 (8] (T8 SR B A R A HSSD R BRI E AR A e B =K
AR AR CRE D L SRR CGERL 2) IR HESER R —
A EAS R 3) o Herp, SRR 1 AT RARL SR Z IR SORRKP, 2R8 2 f T
FR AR P EOR AR R AR, R 3 M E AT R Dy AR+ 5 He R 45
Z IR SCELRE S . = SREERILFE T 0 Dy A2 IR A5 i LBtk

5 LRI SERIMT
5.1 METT RAAT VA



BT 41 AR PCRFEAE LS, ASCRIA 50 DR 0 3 A E X R RS R T, I
WA 4.2 WIIVEIN R R, IG5 oA — Bk 5 A TE L BUE AN E BN IS R . B E
FIH R SR Pl 8 A & AT, G TR A BRI SR A T E
BARE, HARWEDCRANEES, DGRk .

x 7 st 7 AEREIE S BRI EER ATRZE . AE SR UEE S AR T T, DYASUR
WHER) MAE /1 0.0267 & 0.0787 28], RMSE ¥MiXF 0.08, FIAA s e i &
LSRR 8 i AR AL BE 23 A1 o AEARARALAE Z3 A J5 1T, 8 SEBORFUR B N A MAE 437305
0.0232 F1 0.0227, B Bl i3 B 15 B AA Sz it 75 A 5% ZE ARG o 3% AT R 300 ) g it SCARATS £ B
BURAUE U A5 TE ORI O, (R IRAR L ) F I AL S 2 B 0. BIRIIE, 24
SERFRARORFFRUICRZE Ul W P HR HH PR R B % A e b 52 T S SR R 45 440 3 AT RFAE

® 7 ROBIRES N B
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Tab. 8 Semantic Similarity Results for the Core Dataset
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Tab. 9 Comparison of Structural Distribution Consistency Across Baseline Methods
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Tab. 11  Average Sentence and Character Counts in the Large-Scale Dataset
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Tab. 12 Structural Consistency Evaluation of the Large-Scale Dataset
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Tab. 13 Semantic Consistency Evaluation of the Large-Scale Dataset
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