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Optimizing Word Alignment for Machine Translation System

Combination

YAO Zhenyu, YANG Muyun, LI Sheng, ZHAO Tiejun
(School of Computer Science and Technology, Harbin Institute of Technology, Harbin,
Heilongjiang 150001, China)

Abstract: Word alignment is an important procedure in machine translation system combination.
The quality of the alignment result will affect the translation result directly. We found that
the results of the most commonly used word alignment methods are different. This paper combined
different word alignment methods and proposed a strategy to optimize the alignment result.
This method conduct union, intersection and voting operations on the result of TER, GIZA++
and METEOR word alignment results. The experiment result shows that the translation result on
the optimized alignment results is better than any of these three methods
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DEV TEST
online-b 28.22 29.46
udein 23.53 23.29
jhu 21.58 21.7
uppsala 22 21.15
cu-bojar 21.11 20.78
systran 19.65 19.05
cst 19.42 18.13
Cu-zeman 18.01 17.62

* 3-1 BARGE S (BLEU%)

DEV TEST
XA % | BLEU% | XF5%i%0 | BLEU%
TER 694965 25.05 | 1070731 25.1
GIZA++ | 763803 24 1406739 | 24.43
METEOR | 584323 29.35 | 1282552 | 29.74

R 32 HFITIE A 4R

3.2 AN FERMUNLEER RS

SO SIS R SIS A R R I =ik R R . HRER 3-3 45t T = RA] 0 S VA R M AT HL
HERME . =Rl VR R B 2 5 IO SCRY AR, X6 55481 5o A AN SR R i ECH-15 21 0 36k 55 45 S
A JEHIEE R BLEU 1357« 3R 3-4 5 T = Flia 0 555 v AT BOSS 0E « —Fh 7 v R
HUAZ 2 5 R SRS AASE , o 5530 X6f (18] H5OR R FH HCSE 1 3] ()56 55 45 SR Rl S5 R 25 L 1Y BLEU 75
Iro 3 35 A T AE =R IVERTAN S 4 R AT RS, RIS BRI 55 45 S B Rl
45 L) BLEU 1945 .

DEV TEST
F5EiE % | BLEU% | XF5%i% | BLEU%
TUG 874966 24.69 | 1608799 23.4
TUM 765641 24.31 | 1408515 | 24.07
GUM 812841 25.21 | 1489846 | 24.55
TUGUM | 897426 25.19 | 1664017 | 24.86
R 3-3 XK S 4 UG (1 sL 3 45 R
DEV TEST
5% | BLEU% | % 5%ia%k | BLEU%
NG 583802 26.03 1080492 26.87
TNM 513647 29.21 944772 29.48
GNM 535285 29.39 987626 29.95
TNGNM | 496069 29.05 916883 29.7
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DEV TEST

XT3 % | BLEU% | %5%ia%k | BLEU%

Voting | 552863 29.35 1015525 | 28.69
F 35 XSG R AT SR SE i 4 R
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