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Abstract

This paper describes the ICT systems involved
in the tracks fie of CWMT 2013 evaluation
campaign. We participated in all the tracks.
We adopt different techniques and strategies
for different tracks in this campaign. This pa-
per briefly describes all the specific techniques
used for each track. For all the tracks, we use
various popular SMT models, including for-
mally syntax-based system and phrase-based
system. Then we adopt various system combi-
nation techniques to combine the results of all
the systems. We will describe the framework
and model of these systems and report the re-
sults on both development and test sets.
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