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Abstract

This document describes the par-
ticipation of Natural Language Pro-
cessing Research Group of Nanjing
University in the machine transla-
tion evaluation of CWMT2013. We
participated three translation tasks:
Chinese-to-English News Translation
(CE), English-to-Chinese News Trans-
lation (EC), English-to-Chinese Sci-
Tech Translation (ES). For each task,
we submitted one single system result
as the primary system, respectively.
The submitted systems were trained
under constrained training condition,
i.e. all the training data come from
the organizer. Compared with a stan-
dard hierarchical-phrase based trans-
lation system, our systems were en-
hanced in the following aspects: com-
bination of word alignment, smooth-
ing and enhancing of translation ta-
ble, combination of language models,

named entity translation. With all
these enhancements, our system pro-
duced significantly improved transla-
tion results and achieved outstanding
result in the evaluation.
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SHYE, FIRAETACTE ., Jpia i AR T S
GARITREIDO = S N S R I B2 P2 S SR DUy
4,690,575 %

HIEE AR PSR
CLDC-LAC-2003-004 252,329
CLDC-LAC-2003-006 200,082
XMU-EC-Movie 176,148
HIT-IR 100,000
HIT-MT 52,227
Datum 1,000,004
ICTWebCEVersion2013 | 1,909,794
NEUCE 1,000,000
it 4,690,582
VOB 4,690,575
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F 2 gh T BEE E T E A S AR
R . PRtz s, AT AR 1R EERT
JESCHER A HEAT 7B S AL IS
HIRERM | AFH | 2iEH
reuters 12.3M | 199.6M
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SEPOET I T H BFAT I 258008 5 I8 R A
A, 7E& 1hgtt.

BIEE AR Ri& | aIFH
cenews-dev % 1006
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HIEE AR aAFH | RIEAN
sogou 77 1] 32.5M | 579.8M
sogou 73 32.5M | 879.0M
sogou2013 731l | 14.0M | 433.4M
sogou2013 77 | 14.0M | 623.0M
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ARG AR dev ssmt07 | 05zewrit | average | +/-
baseline 27.97% | 28.14% 25.58% 27.23% -
+align 27.84% | 27.97% 25.99% 27.27% | 0.04%
+pLM 30.83% | 29.81% 26.56% 29.07% | 1.83%
+pLM+rpLM | 31.11% | 30.09% 27.20% 2047% | 2.23%
+mkn 28.14% | 28.28% 25.56% 27.33% | 0.10%
+elf 28.31% | 28.41% 25.95% 27.55% | 0.32%
+mkn+-elf 28.48% | 28.62% 25.86% 27.65% | 0.42%
all 31.55% | 30.64% 27.46% 29.88% | 2.65%
all+ner 32.15% | 31.11% | 27.85% | 30.37% | 3.14%
Table 7: PLIHT T H b S2ie 45 R
ARG AN dev | ssmt07 | 05zewrit | average | +/-
baseline 34.61% | 36.82% 37.98% 36.47% -
cLM 34.63% | 36.20% 38.71% 36.51% | 0.04%
+cLM+pLM-+pcLM | 36.35% | 38.31% 39.53% 38.06% | 1.59%
all 36.88% | 38.46% 39.75% 38.36% | 1.89%
Table 8: FEPUBIABIH b HISTH 25 5
RGN dev +/- on Association for Computational Linguistics,
ALM 52.49% - pages 160-167, Morristown, NJ, USA. Associa-
+s0gou2013 | 52.72% | 0.23% tion for Computational Linguistics.

Table 9: HCPCRHE I H 1) S5 45

SRR, R B EARAE PPN AT T 25 T 1
HENFI L
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