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Abstract: Identifying and translating Multi-Word Expressions is a key issue for numerous applications of Natural
Language Processing including Statistical Machine Translation, especially for translation asymmetric and
low-resource language pairs such as Chinese-Mongolian. In this paper, we summarize several Chinese-Mongolian
MWE patterns and propose a method to extract bilingual MWEs. Both both statistical and linguistic methods are
employed in MWE extraction. In addition, we integrate the MWES into the Chinese-Mongolian SMT system by
three strategies. Experimental results indicate MWEs are effective for improving Chinese-Mongolian SMT
performance even in low-resource circumstance.
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