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Studies on Boundary Identification of Phrases with Function Words and

Its Application in Syntactic Parsing

Abstract:In the construction of a Chinese English bilingual treebank found that the error of phrase boundary
identification that contains functional words can affect the result of syntactic analysis . Therefore, In this paper,
we use the rule based approach, CRF model and CNN model for the identification of phrase boundaries.
Experimental results on CTB8.0 data showed that the CNN model performs best, the average accuracy reached
74.97%.In addition, this paper presents a parser named Phrase_Based Parser that based on phrase boundary
identification on functional words.The average accuracy rate of syntactic analysis on the CTB8.0 dataset has
reached 80.78%.
Key words:CNN;BoundaryRecognition;Syntactic Parsing
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