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Survey on cross-language named entity translation pairs extraction

Zhijuan Wang', Fuxian Li
(1.The College of Information Engineering, Minzu University of China, Beijing, 100081, China;
2. Minority Languages Branch, National Language Resource Monitoring & Research Center,
Beijing, 100081, China)
Abstract: Cross—language named entity translation pairs are very important for machine
translation, cross—language information retrial and so on. We made a survey of cross—language
named entity translation pair extraction on three aspects: named entity transliteration, named
entity alignment based on parallel/comparable corpus, and cross—language named entity
extraction based on web mining. Transliteration is vital for cross—language named entity
translation pair extraction. Transliteration model based on deep learning will be the key in
future studies. The constructing and annotation of cross—language corpus are bottle necks for
research on named entity alignment based on parallel/comparable corpus. And cross—language
named entity extraction based on information retail and Wikipedia will be the trade in the

future.

Key words: named entity translation pairs; transliteration; named entity alignment; web mining
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